Pose-Invariant 3D Face Alignment
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We proposed a method which
 estimates 2D landmarks and their visibility for a face with arbitrary pose.
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» We rotate the 3D normal surface vectors according to the rotation angle
Indicated by projection matrix.
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« estimates both the projection matrix and 3D landmarks.

» achieves superior performances than state of the art methods. | 3D scans S, S, 2D images Projection M g‘ N \§/ {%/\
w. labels z 1 S
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! » AFLW dataset experiments nvisible Landmarks
Method 3D Visibility Pose-related Pose range Landmark # Estimation 1 K : * 5200 images selected evenly within [0°,30°],[30°,60°],[60°,90°] yaw angles
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» Any regressor might be used for R. We used .
D Face Modeling yI1e9 ) > AFW dataset experiments
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w. landmarks g \ »  The final regressor is a weighted mean voting of 3 fern regressors. + Includes pairs of 2D images and 3D scans of 41 subjects. = ) ~
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N o y G a « The mean 3D shape is used as a baseline (after global transformation).

We represent 2D landmarks U as pair of projection matrix M and 3D shape parameter p. \// G G @ G « The MAPE of baseline is 5.02, while PIFA is 4.75.




