CVPR CVPR

#6770 #6770
CVPR 2018 Submission #6770. CONFIDENTIAL REVIEW COPY. DO NOT DISTRIBUTE.

000 054
001 055
002 056
003 057
004 Depth Coefficients for Depth Completion: Supplementary Material 058
005 059
006 060
ooz Anonymous CVPR submission o6t
008 062
009 063
010 Paper ID 6770 064
011 065
012 066
013 1. Estimated Depth-Map and Point-Cloud in KITTI Dataset 067
g:: In this supplementary section, we show some more visual examples of predicted depth-maps and point-clouds at different g§2
016 scenes for comparison with various methods. We added the point-cloud of ground-truth with these visual examples along 070
017 with the 3D bounding boxes of objects on top of the 3D point-clouds generated by various methods. 071
018 Figure 1 show the visual example of a complex scene where several cars are parked in parallel and a pedestrian is walking 072
019 very closely by one of the cars (recognized ing the color image and the 3D bounding boxes of the objects in the ground- 073
020 truth). Both the predicted depth-maps and 3D point-clouds show that ours with 3 coefficient can recover the shapes of the 074
021 cars and the pedestrians reasonably well. The point-cloud estimated by using 3-coeff. also matches closely with ground-truth 075
022 point-cloud generated by KITTI. 076
023 Figure 2 show the visual example of a challenging scene where a pedestrian (obscured by shadows and low-light) is 077
024 walking on the pavement close to a building (recognized by the color image and the 3D bounding boxes of the pedestrian 078
025 in the ground-truth). This time, our method with 3 coefficient is creating more artifacts (since there are much less cues 079
026 from color image to build on), but is doing reasonably well compared to other methods in order to recover the shapes of the 080
027 pedestrian. The point-cloud estimated by using 3-coeff. also has more artifacts and distortion in this case, but still was able to 081
028 separate itself out from the side-by building compared to other methods, and they still appear to be closer to the ground-truth 082
029 point-cloud. 083
gz? References gg:
032 [1] F.Ma, G. V. Cavalheiro, and S. Karaman. Self-supervised sparse-to-dense: Self-supervised depth completion from lidar and monocular 086
033 camera. arXiv preprint arXiv:1807.00275, 2018. 2, 3 087
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154 Figure 1. Estimated Depth-Map and Point-Clouds. (a) Color Image with Subsampled Lidar points (in red), (b), (¢) and (d), (e), (f), () 208
155 show predicted depth-maps and point-cloud of [1], Ours-3coeff, and Ours-allcoeff respectively; and (h) show point-cloud of Ground-truth 209
156 (semi-dense annotated depth-map provided by KITTI). It shows (e), being state of the art, is introducing significant depth-mixing(g), being 210
157 our method with all coefficients, has also introduced some depth mixing. (f), being our method with 3 coefficients, is more visually closer 211
158 to the ground-truth. 212
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262 Figure 2. Estimated Depth-Map and Point-Clouds. (a) Color Image with Subsampled Lidar points (in red), (b), (¢) and (d), (e), (f), () 316
263 show predicted depth-maps and point-cloud of [1], Ours-3coeff, and Ours-allcoeff respectively; and (h) show point-cloud of Ground-truth 317
264 (semi-dense annotated depth-map provided by KITTI). It shows (e), being state of the art, is introducing significant depth-mixing(g), being 318
265 our method with all coefficients, has also introduced some depth mixing. (f), being our method with 3 coefficients, is more visually closer 319
266 to the ground-truth. 320
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